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Introduction to Model Monitoring
Ensure your models stay effective with continuous monitoring.

DEFINITION

Model monitoring is the process of tracking the performance of machine learning models over time. It helps identify issues
and maintain accuracy as new data is introduced.

KEY CONCEPTS

Performance Metrics

These are quantitative measures, like accuracy and precision,
used to evaluate a model's effectiveness.

Data Drift

This occurs when the statistical properties of the input data
change, potentially degrading model performance.

Model Retraining

This is the process of updating a model with new data to
improve its accuracy and relevance.

Alerts and Notifications

Automated systems that notify data scientists when model
performance drops below a certain threshold.

Version Control

Keeping track of different versions of models to manage
changes and updates effectively.

EXAMPLES

→ Monitoring sales prediction models to
ensure accuracy as market trends
change.
→ Using alerts for a fraud detection
model when false positives increase.
→ Retraining a customer segmentation
model quarterly with new customer data.

MEMORY TIPS

★ Remember 'DAMP': Data Drift, Alerts,
Metrics, Performance.
★ Think of monitoring as a 'health check'
for your models.
★ Use the acronym 'MVP': Monitor,
Validate, Perform.

COMMON MISTAKES

✗ Neglecting to set up alerts for
performance drops.
✗ Failing to retrain models regularly with
new data.
✗ Overlooking the importance of version
control.

QUICK RECAP

Model monitoring is essential for maintaining the accuracy of machine learning models over time. Key aspects include tracking
performance metrics, addressing data drift, and implementing alerts for significant changes.
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