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Introduction to Fine Tuning
Mastering Fine Tuning for Generative AI Success

DEFINITION

Fine tuning is the process of adjusting a pre-trained AI model to improve its performance on specific tasks. It involves
training the model further on a smaller, task-specific dataset.

KEY CONCEPTS

Pre-trained Models

These are AI models that have been trained on large datasets
and can be adapted for specific tasks.

Transfer Learning

This technique allows a model to apply knowledge gained from one
task to improve performance on another related task.

Dataset Selection

Choosing the right dataset for fine tuning is crucial, as it directly
impacts the model's effectiveness.

Hyperparameter Tuning

Adjusting settings like learning rate and batch size during fine
tuning can significantly affect outcomes.

Evaluation Metrics

Metrics such as accuracy and F1 score help assess the
effectiveness of the fine-tuned model.

EXAMPLES

→ Fine tuning a language model for
customer service chatbots.
→ Adjusting an image recognition model
for specific medical imaging tasks.
→ Customizing a music generation model
to create specific genres.

MEMORY TIPS

★ Remember 'Fine Tuning' as 'Refining
Skills' for specific tasks.
★ Think of 'Transfer Learning' as
'Learning from Experience' in different
contexts.
★ Use the acronym 'DHE' for Dataset,
Hyperparameters, Evaluation to recall key
components.

COMMON MISTAKES

✗ Neglecting to choose a relevant
dataset for fine tuning.
✗ Overfitting the model by training too
long on a small dataset.
✗ Ignoring evaluation metrics, leading to
unverified model performance.

QUICK RECAP

Fine tuning enhances pre-trained models for specific tasks by training on targeted datasets. Key aspects include dataset
selection, hyperparameter tuning, and evaluating performance metrics.
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