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Introduction to Transfer Learning

Unlocking New Potential with Transfer Learning

DEFINITION

Transfer learning is a technique in deep learning where a model trained on one task is reused for a different but related

task. This approach saves time and resources by leveraging existing knowledge.
KEY CONCEPTS

Pre-trained Models Feature Extraction

These are models that have been previously trained on large In this process, the model uses learned features from the pre-

datasets and can be fine-tuned for specific tasks. trained model to improve performance on a new task.

Fine-tuning Domain Adaptation

This involves adjusting the weights of a pre-trained model to This refers to adapting a model trained in one domain to work

better fit the new task's data. effectively in another domain.

Task Similarity

The effectiveness of transfer learning often depends on how

similar the new task is to the original task.

EXAMPLES MEMORY TIPS COMMON MISTAKES

- Using a model trained on ImageNet to * Think of transfer learning as 'borrowing' X Assuming all tasks are suitable for

classify medical images.

- Applying a language model trained on
general text for sentiment analysis.

- Adapting a speech recognition model
for a specific dialect.

QUICK RECAP

knowledge from one task to another.

* Remember 'Pre-train, Fine-tune' as a
two-step process.

* Use the acronym 'DRAFT' for Domain
Adaptation, Reuse, Adapt, Fine-tune,
Transfer.

transfer learning without checking
similarity.

X Neglecting to fine-tune the model
before deployment.

X Overfitting the model to the new task
without proper validation.

Transfer learning allows models to leverage existing knowledge for new tasks, saving time and resources. Key concepts include

pre-trained models, feature extraction, and fine-tuning. Remember to assess task similarity for effective transfer.
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