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Introduction to Transfer Learning

Unlock new potentials with Transfer Learning in Deep Learning.

DEFINITION

Transfer Learning is a technique where a pre-trained model is reused on a new task. It helps save time and resources by

leveraging existing knowledge.
KEY CONCEPTS

Pre-trained Models

These are models trained on large datasets that can be fine-

tuned for specific tasks.

Feature Extraction

Using the learned features from a pre-trained model as input for

a new model.

Transfer Learning Types

Fine-tuning

This process involves adjusting the pre-trained model's parameters

to better fit the new task.

Domain Adaptation

another related domain.

Includes inductive, transductive, and unsupervised transfer

learning, each with different applications.

EXAMPLES

- Using a model trained on ImageNet for
medical image classification.

- Applying a language model trained on
general text to specific legal documents.

- Fine-tuning a speech recognition
model for a different accent.

QUICK RECAP

MEMORY TIPS

* Think of 'transfer' as 'sharing’
knowledge between tasks.

* Remember 'fine-tuning' like adjusting a
musical instrument for better sound.

* Visualize pre-trained models as
'starting points' for new journeys.

Adapting a model trained on one domain to work effectively on

COMMON MISTAKES

X Assuming all pre-trained models are
suitable for any task.

X Neglecting to properly fine-tune the
model for the new dataset.

X Overfitting the model to the new task
without validation.

Transfer Learning allows leveraging pre-trained models to save time and improve performance on new tasks. Key concepts

include fine-tuning and feature extraction, which help adapt existing knowledge effectively.
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